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RESEARCH ON BANK STOCK INDEX PORTFOLIO AND RISK
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* . . .
XU Gang-gang, DI Qian-zi,SHI Hui
(College of Mathematics and Physics, Xinjiang Agricultural University, Urumugi, xinjiang 830052,China)

Abstract: The fluctuation of financial asset prices often has structural dependence. In order to study the
complex relationship between banking stock index data and further accurately measure the financial risk, this
paper takes the six major stock index data of China's banking as the research object, Using arma-gjr-skt as the
marginal distribution of a single asset sequence, Based on the flexible r-vine copula model, jointly build the
portfolio model. The RVM structure of various models is determined by the Monte Carlo technique of rolling
time window and mst-prim algorithm. On this basis, the return sequence is simulated by inverse transformation
method, and the VaR and CVaR are further calculated by the simulated return rate. Finally, the model is verified
by back-testing method. The results show that the establishment of the optimal portfolio model is the key to
accurately measure the financial risk. Given the same level of confidence in risk measurement, CVaR model is
more reliable than VaR model. When the confidence level is different, the number of failure days will decrease
as the value increases.
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